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Diff se Priors (continued)

The M'(1,¢) prior leads to an analysis that's essentially
equivalent to the integrated likelihood (fiducial) approach
back on p. 13, and the U(0,C) prior for C > 4 (say) produces

similar results: U(0,C) yields the N'(s 4+ 1,n) posterior

truncated to the right of C (and this truncation has no
effect if you choose C big enough).

You might say that the U(0, C) distribution has a prior
sample size of O in this analysis, and its prior mean % and

SD \/% (both of which can be made arbitrarily large by

letting C grow without bound) are irrelevant (this is an
example of how intuition can change when you depart from
the class of conjugate priors).

> plot( { p( lambda, 29.001, 14.001 ), p( lambda, 30, 14.001 ),
p( lambda, 49, 15 ), p( lambda, 49, 14.001 ) }, lambda = 0 .. 6,

color = black );
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0 7 ; 3 y 5 :

lambda~

The moral is that with only n = 14 observations, some care
is needed (e.g., through pre-posterior analysis) to achieve a
prior that doesn’t affect the posterior very much, if
that’s your goal.
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